In health data science, the shift from 2025 to 2026 has moved from "Can AI pass a medical exam?" to "How does AI function as a clinical partner?" For your exploratory study with Dillon, you are essentially looking at how High-Utility Math (algorithms) meets Human Complexity (health data).
Here are the most viable directions for your study, tailored to your preference for succinct, logical frameworks:
1. Ambient Clinical Intelligence (ACI) & Workload Reduction
This is the "low-hanging fruit" with the highest immediate ROI for healthcare systems.
· The Logic: Using LLMs to listen to doctor-patient interactions and generate structured SOAP notes (Subjective, Objective, Assessment, and Plan) in real-time.
· Mathematical Angle: Measuring the reduction in "Administrative Friction." If a doctor spends 50% less time on paperwork, how does that affect patient throughput and diagnostic accuracy?
2. Predictive Risk Modeling (The "Early Warning" System)
Moving from reactive to proactive care.
· The Logic: LLMs scan longitudinal Electronic Health Records (EHRs) to identify patterns that precede sepsis, cardiac arrest, or mental health crises months before physical symptoms appear.
· Mathematical Angle: Probability Density. You are calculating the "Lead Time" provided by the AI versus traditional monitoring.
3. Precision Medicine & Genomic Translation
This is where "Math Teacher" precision is paramount.
· The Logic: LLMs act as translators between vast genomic databases and clinical action. They don't just find a mutation; they predict which specific drug compound will bind to it based on molecular structure.
· Mathematical Angle: Combinatorial optimization. Finding the one effective treatment among millions of possible chemical interactions.
4. The "Societal Model" Translator (Neurodiversity Focus)
This aligns most closely with your work with the OCDSB.
· The Logic: Developing a model that takes a clinical diagnosis (Medical Model) and outputs a "Success Map" for the classroom or workplace (Societal Model).
· The Study: Can an LLM consistently identify a student's "superpowers" (e.g., pattern recognition, hyperfocus) from raw health data and suggest environmental modifications?
Suggested Research Framework for Dillon and You
To keep your study succinct and defensible for the Ministry or ALL IN 2026, I suggest this 3-column "Protocol" approach:
	Phase
	Action
	Success Metric

	Input
	Feed the LLM de-identified, complex neurodivergent student profiles.
	Data Integrity: Ensuring no PII (Personal Identifiable Information) leaks.

	Process
	Task the LLM with identifying 3 strengths and 3 environmental barriers.
	Consistency: Does the model give the same "Success Map" for the same data?

	Output
	Compare the AI’s map to a human expert’s assessment.
	Alignment: Percent match between AI-suggested accommodations and "best practice."


Strategic Note: If you frame this as a "Productivity Multiplier" for teachers and clinicians, it will resonate more deeply with the men you work with at the Ministry and in the tech sector.
Would you like me to draft the "Hypothesis" section for this exploratory study so you and Dillon have a solid starting point for your documentation?
